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Abstract
Aim: This longitudinal study, derived from the Resource-Based View (RBV) theory, explores the relationship among training initiatives, adoption of artificial intelligence (AI), high-performance work systems (HPWS), talent management practices (attraction, retention, learning, and development), and sustainable performance in higher education in Thailand.
Methodology: Using a structured survey, 256 employees from several higher education institutions were surveyed over three wave periods. Findings: The overall findings suggest a significant and complex relationship among the antecedents to talent management and sustainable performance. Specifically, the study demonstrates the extent to which AI adoption positively influences sustainable performance through training programs and HPWS.
Implications/Novel Contribution: This study contributes to theoretical and implications for RBV by demonstrating how human resources practices are dynamic and may be sustained for a competitive advantage. Moreover, the study has practical implications for leaders of higher education now that they can see how technology and talent management should complement each other’s contributions to facilitate performance sustainability.
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INTRODUCTION
Sustainability is recognised by corporations, social forums, and world leaders as a critical issue of the twenty-first century. One potential solution to the problem is talent management (Mahade et al., 2025). Employees and environmental goals cannot be separated by businesses (Tunio et al., 2024). Furthermore, according to Adhikari and Shrestha (2023), people cannot achieve sustainability unless they possess the knowledge and skills necessary to accomplish three-dimensional sustainability goals. Reducing environmental degradation and its detrimental effects on social cohesion, economic growth, and human well-being is referred to as sustainability. In today’s discourse, sustainability has broadened to include a range of issues, producing a complex result that takes social, economic, and environmental factors into account. This strategy, which is also known as the triple bottom line, highlights the relationship that exists between societal well-being, ecological protection, and profitability. In order to protect the environment from threats, organisational sustainability encourages the use of renewable energy, local biodiversity enhancement, and restorative materials and chemicals. Viewing the production process as a system where all materials may be safely returned to the environment or reused indefinitely is supported by the green economy concept. According to (Berchin et al., 2021), leading corporate employers have also recognised the importance of TM to their long-term performance.
According to Tunio et al. (2024), talent management is the methodical process of luring, finding, and
nurturing, enlisting, and deploying people with extraordinary potential who are highly valuable to a company. Research has shown that effective TM practices and organisational sustainability are closely related (Kumar, 2022; Younas & Waseem Bari, 2020). The performance of the company is greatly influenced by talented people,
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and sustainability is directly impacted by efficient management (Sembiring & Damayanti, 2023). The most powerful companies are taking a responsible and sustainable approach to business because of the advent of globalization, which has drastically changed the roles and relationships of governments, businesses, and other important stakeholders (Dawson & Agbozo, 2024). As a result, every organisation is in some way pursuing the sustainability trend.
Talent constraints are a greater problem for organisations than capital constraints (Meyers et al., 2020). According to Kumar (2022), only 3–5% of an organization’s workforce is made up of talented individuals. One of the most important success factors for improving and maintaining organisational performance is talent (Sembiring & Damayanti, 2023). Talent is made up of a person’s skills, background, knowledge, intelligence, and credentials as well as their capacity for learning and development (Dawson & Agbozo, 2024). Hiring talented employees is important because they can achieve organisational goals with exceptional performance and are said to be more committed to the company because they are highly motivated to complete their tasks. This leads to a significant competitive advantage as well as increases in productivity and profitability.
Artificial Intelligence (AI) is being rapidly implemented as a result of recent technology developments, completely changing how businesses function and make choices (Gutiérrez-Leefmans et al., 2025). Artificial Intelligence (AAI) has changed company landscapes and conventional methods, opening up new opportunities and problems in a number of areas (Zahoor et al., 2024). The advancements in deep learning, natural language recognition, and speech recognition in particular have drawn educators’ attention to artificial intelligence (AI) technology. According to Nagy et al. (2024), artificial intelligence (AI) is the use of computers to simulate human minds in order to carry out cognitive tasks (such as thinking, learning, and problem solving). AI technologies can be used as a learning diagnostic tool by analysing the learning process of students, offering adaptive learning materials, and making recommendations and evaluations depending on students’ performance (Mostafavi, 2024).
Artificial intelligence (AI) and human knowledge have drawn a lot of attention from academics, industry professionals, and politicians because to the quick evolution of technology (Jatobá et al., 2023). Due to their intricate relationship, AAI and HPWS interactions are still unknown, despite the fact that they could influence training and development (Nguyen, DANG, et al., 2022). When AAI enhances workforce capabilities through aspiration-inducing technologies, potential development takes front stage (Schaefer et al., 2021). Furthermore, the dynamics between the integration of artificial intelligence and its potential development depend heavily on training. AI is now accessible to everybody with a computer or smartphone thanks to technological advancements such computers’ increased processing and storage power, information sharing across networks, and software (Pillai & Sivathanu, 2020). Students at HEI now construct their assignments using generative AI tools like ChatGPT, Copilot, QuillBot, Perplexity.ai, Gemini, Claude, and many more (Sova et al., 2024). This could lead to advantages like higher productivity. However, there may be issues with the data that students receive from generative AI, such plagiarism, inaccurate material, missing references, etc. By using machine learning techniques to absorb data and produce new data occurrences, generative AI is the kind of AI that can produce new content, including text, audio, photos, music, and videos (Gutiérrez-Leefmans et al., 2025; Zahoor et al., 2024).
This study aims to provide a comprehensive understanding of the ways in which training, artificial intelli-gence adoption, and talent management practices affect high-performance work systems and long-term performance. Furthermore, this study provides an investigation on how AAI technology connects with human capital development goals, ultimately generating High-Performance Work Systems, by examining the mediating role of AI adoption (Gutiérrez-Leefmans et al., 2025). According to Zahoor et al. (2024), these insights can help organisations use artificial intelligence (AI) to optimize operational procedures and develop high-performing workforces. For efficient talent management practices, the current study attempts to bridge a knowledge gap between high-performance work systems, and adoption of artificial intelligence (Mahade et al., 2025). By revealing the complex relationships be-tween these elements, this study advances conversations about sustainable performance and provides opportunities for well-informed decision-making in a time of rapid technological advancement (Gutiérrez-Leefmans et al., 2025).
The study’s theoretical background, which influenced the creation of the research framework and hypotheses, is described in the next part. A thorough description of data testing and outcomes follows, including study methodologies and data collection strategies. Following a discussion of the results, the study ends with implications,
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limitations, and recommendations for the future.

LITERATURE REVIEW
Resource-Based View Theory
Based on Resource-Based View Theory, organisations can create a competitive advantage by understanding how to effectively exploit the value and uniqueness of resources (Freeman et al., 2021). In this sense, organisations can achieve a competitive advantage by acquiring, developing, merging and deploying physical, human, and organisational resources to create potentially valuable resource changes that are costly and difficult for competitors to copy (Barney et al., 2021). Nonetheless, the unique and developed processes, competencies, skills, and behaviours of human resources are the fundamental cornerstone of resource-based assertions (Barney et al., 2021). Therefore, RBV theory is related to HPWS approaches, which use labour competencies, skills, and potential development as valuable resources that enhance organisational performance. AAI enhances the intangible resources that first indicated a competitive advantage by amplifying potential development and, through its HR enhancing benefits, consolidates the human capital resources available for HPWS approaches (Freeman et al., 2021).
According to RBV theory, organisations can improve their resources value through deliberate investments (Barney et al., 2021). Given that training and development can augment employee potential development value, this factor plays a critical role in modifying the relationship between applied AI and potential development. In fact, effective training can help employees to more effectively apply and use AAI technologies which enables the increase in resource value in potential development, improves performance, and promotes ongoing development (Barney et al., 2021). In this context, the talent management processes (attraction, retention, and learning and development) are the key capabilities, which create a pool of employees who are highly skilled and highly knowledgeable, which is a valuable, rare, and inimitable resource. The adoption of AI is not simply a technological tool, but a capability that enhances human resources, making them even more valuable (Mostafavi, 2024). AI, therefore, is a form of mediation that transforms the potential link of talent to outcome such as High-Performance Work System (HPWS) and sustainability. Moreover, training initiatives moderated this relationship by guaranteeing that employees had the skills to use AI, developing a stronger link between AI adoption and enhanced performance. Utilizing an RBV perspective, the firm that introduced talent management practices that used AI and a focused training initiative created a unique and difficult to imitate capability which ultimately results in sustainable competitive advantage and superior long term performance (Abulail et al., 2025; Mahade et al., 2025.
Talent Management Practices and Adoption of AI
Over the past fifteen years, talent management has typically been framed from a human resource management standpoint that employs a range of integrated strategies designed to improve and sustain organizational performance through better methods of finding, attracting, recruiting, retaining, training, and profiting from individual assets possessing the capabilities and qualifications to fulfill present and anticipated business necessities (Tunio et al., 2024). The confusion in defining the term ’talent,’ with people ascribing different meanings based on their area of study, can be traced to confusion or ambiguity in precisely what is meant by talent management. In at least one area of human activity, talent is expressed as exceptional mastery of systematically acquired skills and knowledge to a level or degree that identifies the individual as being in the top 10% of peers who have been reported as active in that area or domain (Dawson & Agbozo, 2024). Talent has also been expressed as the ability to produce good and original products and as the persistence and growth of competencies as opposed to simply completing a job effectively (Sembiring & Damayanti, 2023). Talent management continues to perform and help companies determine the strongest candidates for future leadership roles, by providing key information and strategies for development and change. In addition to identifying and focusing on talent leaders, talent management also seeks to ensure that development plans align with, and enhance the mission and vision of organizations that will ensure improved performance and sustainable development. Most researchers that have studied the impact of talent management have noted, and confirmed that there is a strong impact in relation to sustainable improvements in organisational performance (Kumar, 2022; Pillai & Sivathanu, 2020; Younas & Waseem Bari, 2020).
For example, in the instance of talent attraction, the ability of a firm to attract candidates with the required digital and AI-specific skills will greatly influence AI adoption Pillai and Sivathanu (2020). For firms with



developed talent acquisition processes, AI will help to identify, screen, and select candidates who are technically competent as well as having the job agility and willingness to work with new and current technology (Schaefer et al., 2021). This relationship is confirmed with studies showing how firms with mature talent pipelines are more likely to use complex recruiting AI tools to enhance their talent attraction capabilities to attract the best talent. The talent management area cannot be left out in terms of retention, and learning & development. Successful employee retention strategies, often with personalized career paths and a supportive culture, are fundamental to retaining the technical talent identified for sustaining AI initiatives (Chatterjee & Bhattacharjee, 2020). AI adoption can be difficult when an organization experiences high turnover of key decision makers. In such situations, many organizations experience a loss of institutional knowledge/expertise. Similarly, a focus on learning and development (L&D) acts as a direct antecedent to AI adoption. Organizations that upskill and reskill their workforce produce organizational norms of continuous learning, which mitigates employee resistance to new technology (Mostafavi, 2024). On a wide scale, L&D can be supported through the use of AI-driven platforms that allow employees to engage in on-demand training modules and receive real time performance feedback, which makes the overall skilled workforce more adapting and willing to leverage AI tools. Ultimately, this continuous cycle of development and adoption is substantial, as an overall skilled workforce is more likely to adopt and innovate AI as part of their work which drives better outcomes for organizations (Nagy et al., 2024; Sova et al., 2024).
H1: Talent management practices (Talent attraction, retention, learning and development) has direct impact on adoption of AI.
The Mediation Role of Adoption of AI
As its quick development justifies, artificial intelligence (AAI) has swiftly become a disruptive factor in the manufacturing industry (Jatobá et al., 2023). AAI includes a range of AI technologies, including as natural language processing and machine learning algorithms, that are used to improve customer experiences, expedite processes, and encourage data-driven decision-making in higher education sector (Nguyen, DANG, et al., 2022). Although it is commonly known that artificial intelligence (AI) can transform industrial processes, little is known about how specifically it affects workers’ potential for advancement in this industry (Pillai & Sivathanu, 2020). Employees can now focus more of their efforts on higher-value work by automating routine operations that were previously done by hand (Gutiérrez-Leefmans et al., 2025). Workers who engage with AI systems must modify their skill sets to perform at their best, fostering an environment that encourages learning and development. AI-powered solutions give workers flexible ways to improve their skills (Zahoor et al., 2024). For instance, workers using AI-powered customer support tools can improve their interpersonal skills while interacting with people who need human empathy and comprehension; similarly, workers using AI-powered data analysis tools can interpret and use insights from large datasets while developing their analytical and decision-making skills (Sova et al., 2024). Furthermore, according to Nagy et al. (2024), artificial intelligence (AI) has revolutionary capabilities that give organisational procedures and talent management practices.
Previous research highlights a link between HPWS efficacy and personnel management strategies (Chatterjee & Bhattacharjee, 2020). Employee engagement and commitment are frequently higher in organisations that invest in their potential, which creates the perfect environment for HPWS adoption (Sarwar et al., 2020). There are many benefits for companies who invest in fostering employees’ potential (Berchin et al., 2021). Because companies that prioritise talent management techniques have higher employee engagement, commitment, motivation, and engage-ment with the workplace culture, research shows a positive association between HPWS and talent management strategies (Pillai & Sivathanu, 2020). Workers are more inclined to devote their efforts to HPWS practices if they believe that their company is taking good care of their development (Adhikari & Shrestha, 2023). Sound talent management attracting the right employees, having them stay with you, and developing their abilities and skill sets by providing training and development activities provides the foundation of skilled, engaged employees. With talented employees who have the right skill sets and access to AI tools, they can work faster, make better decisions, and collaborate better (Helmiatin et al., 2024). This great combination of right fit employees with the right tools represents the foundation of the high-performance work system. As one example, AI based analytics can help managers identify skill gaps and personalized training. The description of HPWS is a system of talent management practices that works with the increasing demand for a workforce that can deal with uncertainty, ambiguity, innovate,



and create value for a sustainable time (Nagy et al., 2024). The talent management challenge has been magnified by the adoption of AI at these companies, as talent as human capital, is what provides the workforce with sustained success during an era of transparency and rapid change (Sova et al., 2024). AI supports businesses getting optimized operations and performance, product development, predicting market dynamics, leading to sustainable performance. Accessing a talented workforce that leverages the successful deployment of AI and providing the right experience can reduce costs, increase productivity and extend the relevance of business advantage for several years, past a single carrying year (Abulail et al., 2025; Zahoor et al., 2024. Thus, positive employee experiences are not enough, employee experiences using human capital engaged in AI is transformed to enduring sustainable performance Alyoussef et al., 2025.
H2: The mediating role of adoption of AI between talent management practices (Talent attraction, retention, learning and development) and high performance work system.
H3: The mediating role of adoption of AI between talent management practices (Talent attraction, retention, learning and development) and sustainable performance.

The Moderation Role of Training Initiatives
As educational institutions embrace AI-based technology to streamline their operations and improve customer experiences, learning how training can moderate the influence of AI in employees’ potential development is important (Davis & D’Lima, 2020). A training program serves to upskill employees in regards to AI, build confidence in its use, and allow talents to access its transformative potential (Al Aina & Atan, 2020). Specifically, training connects with talent management practices and integrates AI technologies (Meyers et al., 2020) that influence employees’ talent management practices, which can support the synergy of training, AI, and talent management practices. An empirical study could help clarify this relationship (Younas & Waseem Bari, 2020), and draw conclusions on whether training can moderate the relationship between artificial intelligence and HWSP and sustainable performance, mostly focused on higher education sector, which only count for limited amounts of knowledge (Berchin et al., 2021).
Research shows that if employees aren’t prepared for new technologies through training, employees may push back to use new technology, or lack the skills needed to take advantage of AI in their workflows which could waste the investment (Adhikari & Shrestha, 2023; Jatobá et al., 2023). In comparison, a good training program emphasizes both the technical skills and adaptive skill development required to be able to work with AI technology in a team-like way to enhance the strengths of humans and machines (Dawson & Agbozo, 2024). Past research supports that how an organization prepares its employees for adopting AI technology will shape their level of success Berchin et al. (2021) and Sarwar et al. (2020) observed a stronger positive relationship between AI adoption and performance of organization for those organizations that invested in their employees and training programs. The act of training their employees also demonstrated organizations care about employees who may have some initial concerns of job loss or job displacement or requiring new skills to do their job, thus improving both employee ’buy-in’ and ’psychological safety’ (Mahade et al., 2025). The moderating role of training is most evident in a performance work system, in which the impact of AI is accentuating the concept of continuous learning and empowerment to workers or through co-collaboration rather than mere dependency. A deficiency in training can result in no noticeable, positive changes in employee capacity building from technological readiness and AI adoption, which drives sustainable performance (Adhikari & Shrestha, 2023). Therefore, investing proactively in training is vital to leverage the benefits of AI and convert these benefits into sustainable long-term outcomes. Training helps ensure that employees learn not just how to use AI, but how to use it ethically and strategically to achieve business objectives (Tunio et al., 2024). This is essential for sustainable performance, which includes economic performance in conjunction with environmental and social responsibility. For instance, training on AI-informed supply chain management empowers employees to mitigate logistical inefficiencies and carbon emissions, which support environmental sustainability (Sova et al., 2024; Tunio et al., 2024).
H4: The moderating role of training initiatives between adoption of AI and high performance work system.
H5: The moderating role of training initiatives between adoption of AI and sustainable performance.



CONCEPTUAL MODEL
The study (see research framework; Fig. 1) follows the RBV premise to explore the arrow going directly from talent management practices and policies to sustainable performance and high-performance work systems (HPWS), through the use of the AAI and training efforts Gutiérrez-Leefmans et al. (2025) and Mahade et al. (2025). In addition to that, as indicated by previous studies, investigate the relationship between training, high-performance work systems, and adoption of artificial intelligence in Thailand higher education (Alyoussef et al., 2025).
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Figure 1. Conceptual framework

RESEARCH METHODOLOGY
Data Collection, Participants and Sampling
This research adopted a quantitative empirical design to explore the relationships between sustainable performance and a number of human resource management constructs: high-performance work systems (HPWS), training initiatives, and talent management practices. The longitudinal study design consisted of three surveys at three time periods and consisted of 256 employees surveyed across a number of higher education institutions across Thailand. This method allowed us to explore the direct relationships and the shifting relationships between proposed variables longitudinally. The data collection, analysis, interpretation, and examination practices were implemented to suit the research design and test the study’s hypothesis. Data was collected via a structured survey delivered to employees within the higher education organisation.
This provided quantitative data that could be statistically analysed. The use of three surveys, and the longitudinal design provided a sound methodological basis for asserting cause and the temporal stability of the hypothesized relationships. The next phase of the data analysis involved using the appropriate statistical methods to investigate the relationships between the endogenous construct of talent management practices (training initiatives, AI adoption) and the exogenous constructs of HPWS and sustainable performance. In following this progressions, the researchers were able to verify the proposed research model in terms of understanding the impact of these constructs reacted and adapted on sustainable performance, in a Thai higher education context.
The impact of AI adoption on worker productivity in corporate environments was examined in the exploratory study. As our main analytical tool, Partial Least Squares Structural Equation Modelling (PLS-SEM) allowed us to thoroughly analyse the many relationships at work (Hair et al., 2024). The trustworthiness of our findings was guaranteed by rigorous sampling procedures and a variety of data collection approaches, such as surveys and interviews. An online survey with a structured questionnaire was used to administer the self-administered survey and collect data from managers and staff in Thailand’s higher education industry. Because of the quick adoption rates of AAI and recognition of the value of developing a knowledgeable and competent workforce in high-performance environments, the higher education sector is ideally suited to investigate the proposed linkages Mahade et al. (2025). Data from employees in the higher education industry was gathered using the convenience sample technique.
Research Instruments
The quantitative survey design was informed by questions and answers identified in relevant literature for content validity because it is an area that has not received much attention. Three experts were consulted about the questionnaire, and the study incorporated their recommendations. All questions in the survey included five items indicating a degree of agreement (5 strongly agree-1 strongly disagree), and the whole questionnaire was



posted online. The study variables included Talent management Practices (Talent attraction, retention, learning and development) (independent) Training Initiatives (moderator) Adoption of AI (Mediator Variables) and high performance work system, Sustainable Performance (dependent) shows in table 1.
Table 1: Research instruments
	Variables
	Items
	Modified

	Talent attraction
	TA1 to TA4
	(Tunio et al., 2024)

	Talent retention
	TR1 to TR4
	(Tunio et al., 2024)

	Learning and development
	LD1 to LD3
	(Tunio et al., 2024)

	Training Initiatives
	TI1 to TI5
	(Zahoor et al., 2024)

	Adoption of AI
	AI1 to AI4
	(Zahoor et al., 2024)

	High performance work system
	HPWS1 to HPWS9
	(Zahoor et al., 2024)

	Sustainable Performance
	SP1 to SP5
	(Tunio et al., 2024)



Data Analysis and Results
In the data analysis, a number of statistical techniques were utilized. Internal consistency and data summary were assessed using a Cronbach’s alpha and descriptive statistics. Hypotheses were tested and the correlation between the possible variables was explored using structural equation modelling (SEM). Considering the roles of the moderator and mediating variables PLSSEM with SmartPLS, version 3.0, assessed model fit and assessed effects (Hair et al., 2024).
Table 2: Evaluation of CA and AVE
	Constructs
	Items
	Loadings
	CA
	CR
	AVE

	Talent Management Practices
	
	0.893
	0.912
	0.586
	

	Talent attraction
	TA1
	0.765
	0.838
	0.892
	0.675

	
	TA2
	0.858
	
	
	

	
	TA3
	0.903
	
	
	

	
	TA4
	0.752
	
	
	

	Talent retention
	TR1
	0.798
	0.829
	0.886
	0.662

	
	TR2
	0.759
	
	
	

	
	TR3
	0.844
	
	
	

	
	TR4
	0.850
	
	
	

	Learning and development
	LD1
	0.883
	0.707
	0.838
	0.634

	
	LD2
	0.753
	
	
	

	
	LD3
	0.745
	
	
	

	Training Initiatives
	TI1
	0.775
	0.892
	0.921
	0.700

	
	TI2
	0.870
	
	
	

	
	TI3
	0.888
	
	
	

	
	TI4
	0.815
	
	
	

	
	TI5
	0.832
	
	
	

	Adoption of AI
	AI1
	0.862
	0.872
	0.913
	0.724

	
	AI2
	0.870
	
	
	

	
	AI3
	0.891
	
	
	

	
	AI4
	0.778
	
	
	

	High performance work system
	HPWS1
	0.813
	0.926
	0.938
	0.629

	
	HPWS2
	0.795
	
	
	

	
	HPWS3
	0.743
	
	
	

	
	HPWS4
	0.782
	
	
	

	
	HPWS5
	0.786
	
	
	

	
	HPWS6
	0.809
	
	
	

	
	HPWS7
	0.832
	
	
	

	
	HPWS8
	0.716
	
	
	

	
	HPWS9
	0.854
	
	
	

	Sustainable Performance
	SP1
	0.830
	0.850
	0.893
	0.626

	
	SP2
	0.823
	
	
	

	
	SP3
	0.856
	
	
	

	
	SP4
	0.776
	
	
	

	
	SP5
	0.756
	
	
	



Measurement Model and Evaluation
The scales assessing the constructs in the study were borrowed from other studies. The HPWS was assessed using the twenty items developed by researchers. The respondents were asked how much they agreed with each



item based on a Likert Scale from 1 (strongly disagree) to 5 (strongly agree). The reliability and validity of the constructs in this study are important for the robustness of the findings. As we can see in Table 1, Cronbach’s Alpha values for constructs High-Performance Work Systems, Potential Development, Training Initiatives, and Artificial Intelligence, were above the acceptable threshold of .70 (Hair et al., 2024). That means that those scales have internal consistency and thus reliability. All the Average Variance Extracted (AVE) values for each construct were above the suggested threshold of .50 Hair et al. (2024), indicating convergent validity. Therefore, those findings (see Table 2) increase our confidence in the accurate measurement and reliability of our constructs. . The reliability analysis was performed to determine the consistency and reliability of the measurement scales used. Cronbach’s alpha coefficients of the study constructs (Table 2) provided evidence of the internal reliability of the variables in this study.

Discriminant Validity Assessment

In this study, for all model constructs, the Heterotrait-Monotrait Ratio (HTMT) was used to evaluate the heterotrait side of validity (Hair et al., 2024). These cross-correlations with scores below the 0.85 criterion show the distance or separation between each construct and therefore clearly demonstrate discriminant validity. Most construct pairs’ HTMT values are well below the 0.85 cutoff, shown in Table 7, and supports the constructs are sufficiently different.


Table 3: Fornell-Larcker criterion
	
	1
	2
	3
	4
	5
	6
	7
	8

	Adoption of AI
	0.851
	
	
	
	
	
	
	

	High Performance Work System
	0.677
	0.793
	
	
	
	
	
	

	Learning and Development
	0.520
	0.493
	0.796
	
	
	
	
	

	Sustainable Performance
	0.528
	0.681
	0.515
	0.791
	
	
	
	

	Talent Attraction
	0.660
	0.650
	0.667
	0.661
	0.822
	
	
	

	Training Initiatives
	0.713
	0.687
	0.527
	0.752
	0.640
	0.837
	
	

	Talent Management Practices
	0.706
	0.682
	0.628
	0.725
	0.591
	0.712
	0.797
	

	Talent Retention
	0.609
	0.581
	0.572
	0.657
	0.581
	0.641
	0.550
	0.813

	
	1
	2
	3
	4
	5
	6
	7
	8

	Adoption of AI
	0.851
	
	
	
	
	
	
	

	High Performance Work System
	0.677
	0.793
	
	
	
	
	
	

	Learning and Development
	0.520
	0.493
	0.796
	
	
	
	
	

	Sustainable Performance
	0.528
	0.681
	0.515
	0.791
	
	
	
	

	Talent Attraction
	0.660
	0.650
	0.667
	0.661
	0.822
	
	
	

	Training Initiatives
	0.713
	0.687
	0.527
	0.752
	0.640
	0.837
	
	

	Talent Management Practices
	0.706
	0.682
	0.628
	0.725
	0.591
	0.712
	0.797
	

	Talent Retention
	0.609
	0.581
	0.572
	0.657
	0.581
	0.641
	0.550
	0.813






Structural Model and Evaluation

The structural path analysis and hypothetical testing provide useful implications regarding the relationships between the constructs of the study (Hair et al., 2024). The path coefficients and statistical significance in Table 4 illustrate the degree of support for each hypothesis. The findings shows that talent management practices (Talent attraction, retention, learning and development) has significant impact on adoption of AI (t=21.516, p=0.000). The results shows that negative mediating role of adoption of AI between talent management practices (Talent attraction, retention, learning and development) and high performance work system (t=2.706, p=0.007). The results shows that mediating role of adoption of AI between talent management practices (Talent attraction, retention, learning and development) and sustainable performance (t=12.831, p=0.000). Also, moderating effect of training initiatives on adoption of AI and high performance work system (t=3.150, p=0.002). Furthermore, negative moderating effect of training initiatives on adoption of AI and high performance work system (t=2.848, p=0.005).



Table 4: Assessment of hypothesis testing
	Relationships
	Original Sample (O)
	Sample Mean (M)
	Standard Deviation (STDEV)
	T Statistics (|O/STDEV|)
	p Values

	H1: TMP -> AI
	0.706
	0.708
	0.033
	21.516
	0.000

	H2: TMP -> AI -> HPWS
	-0.152
	-0.157
	0.056
	2.706
	0.007

	H3: TMP -> AI -> SP
	0.721
	0.725
	0.056
	12.831
	0.000

	H4: TI * AI -> HPWS
	0.175
	0.172
	0.056
	3.150
	0.002

	H5: TI * AI -> SP
	-0.147
	-0.144
	0.052
	2.848
	0.005



DISCUSSION
The results of this study showing a significant effect of talent management practices on the adoption of artificial intelligence were similar to and built upon the body of literature on technology adoption and human capital. The strong statistical backing represented in these results emphasizes that human factors are not merely corollary to the successful integration of advanced technologies such as AI; they are essential. This finding supports the conclusions drawn by (Zahoor et al., 2024), who stated that organizational change is directly mediated by the presence of a skilled and mobile workforce. More specifically, the component practices of talent management creation (i.e., attraction, retention, and learning and development) contributed to a fertile place for AI to prosper (Alyoussef et al., 2025). If organizations are unable to attract these key individuals, they are faced with an insurmountable initial hurdle. Talent retention is crucial for continuity on projects and for leveraging knowledge to mitigate the horrendous costs associated with excessive turnover in the market for AI talent. Perhaps most importantly, this finding highlighted the importance of learning and development.
Although there are circumstances where artificial intelligence employs the negative mediation between talent management practices and high-performance work system, it is intriguing to consider this finding more generally as it challenges the notion of a positive and linear relationship between technology and organizational outcomes. Therefore, despite effective talent management creating the potential for high-performance, the act of adopting and moving towards integrating AI into practice presents a major jolt that may not allow for the immediate realization of that performance. Abulail et al. (2025) would support this idea, where, during the initiation of any technological adoption, organizational output can be lower than expected because of the training costs, integration time, and resistance to the implementation of a new technology. In this case, the negative mediation can come from several factors. First, if AI has been adopted quickly without the establishment of appropriately designed learning and development intervention that could create a skills gap with employee frustration leading to ineffective work being completed. Second, with poor change management, the intended benefits for (effective) talent retention may be undermined if change-averse skilled employees feel disenfranchised and disengaged from their work or may even quit the organization. Finally, if many pre-established workflows are disrupted by the embedding of new AI tools that dislodge an organization from its high-performance work system, this may create a costly and demotivating period of reconfiguration.
The findings of this study and the conclusion that AI adoption mediates the relationship between talent management practices and sustainable performance suggest pragmatically deploying the technology-human pathway. Notably, this suggests that talent management positions the organization to take advantage of the benefits of people (e.g., attraction, retention, and development), which are contoured by successfully adopting AI practices that create the efficient use of technology, augment the organization’s performance, and ultimately aid the organization’s strategic quest for sustainable performance. This conclusion also aligns with the work done by Dawson and Agbozo (2024) and Mahade et al. (2025) who provided insight that technology acts as a force multiplier regarding organizational capabilities. Moreover, the strong positive mediation indicates talent management framework positively positions the organization to build a foundation for human infrastructure necessary for adopting AI and having the capabilities to add it value operationally in support of the long-term goals of the organization. It was also important to investigate the mediating role of the employees’ potential development programs in further solidifying the effects of artificial intelligence applications on HPWS; and determine if the training programs moderate the connection between artificial intelligence and the sustainable performance (Gutiérrez-Leefmans et al., 2025). In addition, there were strong positive relationships between artificial intelligence and HPWS, which tends to suggest that these constructs are quite significant in determining artificial intelligence adoption. Also, the positive relationship between HPWS and artificial intelligence adoption suggests that organizations that invest in



AI technology-based practices are more likely to be successful in their high-performance work systems through upskilling their workforce and preparing their workforce for the evolving market (Sova et al., 2024).
The moderation of training initiatives to the link between AI adoption and high-performance work systems helps to further substantiate these findings. The moderating effect indicates that the positive relationship between AI adoption and organizational performance is much stronger with strong training, and affirming that training is one of the main drivers of successful integration of AI (Davis & D’Lima, 2020). This outcome aligns with older studies indicating that well-constructed training offers increased AI adoption (Helmiatin et al., 2024). Additionally, AI training programs designed specifically for employee potential development can result in quicker skill acquisition and competence development, which will help the HPWS (Tunio et al., 2024). Nonetheless, this research also found deleterious moderating effects of training initiatives on the relationship between AI adoption and high-performance work systems. In contrast to previous literature, the negative outcome of training initiatives as they relate to AI adoption and high-performance work systems seems to hint at the paradoxical nature of this relationship, as training needs to be well designed and implemented, otherwise training initiatives will detract from AI adoption, and in turn hinder the potential link to the high-performance work system. This aligns with Abulail et al. (2025); Zahoor et al. (2024), where they argue that training that is perceived as a burden, of no relevance to the job function, or culturally incongruous will prompt employee resistance or disengagement thereby ameliorating the positive effect of AI adoption. The additive effect of the human computing and artificial intelligence can implement optimized processes, innovation, and their resultant effects of decision-making. Technology should complement people, not replace them. AI in manufacturing can provide the recognizable benefits of managing repetitive tasks, as well as insights, for people. People provide creativity, critical thinking, and a contextual framework. The organizations that find that balance between AI and human potential have a competitive advantage. With efficiency, productivity optimization, and leveraging what makes people special that unique set of human characteristics that allows innovation and customer satisfaction creates a partnership between machines and minds, which produces better performance results.
Practical Implications
The results show a complex relationship between training programs, AI adoption, high-performance work systems, talent management strategies (attraction, retention, learning, and development), and sustainable performance in the higher education sector. This study contributes to an expanding corpus of research on the strategic integration of AI into talent management procedures, with a focus on developing employee potential to optimize the advantages of its use. Even though this research is centred in Thailand, its relevance is much broader and extends beyond Thailand. The higher education sector is vital to economies around the world and presents interesting challenges and opportunities when integrating AI technologies. Institutions internationally can learn from this research to inform their own strategies, with education sector institutions being well positioned to resist disruptions, adapt where necessary and navigate toward future preparedness. Education, with AI technologies, has the potential, provided there exists a flexible and skilled workforce of innovation. This transformation is not temporary, but instead allows for enduring success in an ever-changing and AI-powered world. Investing heavily in AI-enabled training platforms and programs is necessary to implement this strategic approach. By using AI for performance management, businesses may develop more dynamic and adaptable workforces, which will boost overall excellence and productivity. The implementation of artificial intelligence technologies must be accompanied by well-planned training programs. According to (Alyoussef et al., 2025), programs should emphasise the development of AI-compatible skills so that staff members can work together effectively with these tools. Data analysis, problem-solving skills, and AI literacy should be the main focusses of training initiatives. Businesses may give their employees the skills they need to realise AI’s full potential by coordinating training initiatives with AI adoption (Zahoor et al., 2024).
Theoretical Implications
The study’s findings have important implications for the Resource-Based View (RBV) theory because they provide evidence to how human capital can become a source of sustained competitive advantage with the adoption of AI combined with strategically directed talent management (Barney et al., 2021). Although RBV typically



references a firm’s tangible and intangible physical resources, this study expands RBV to show how dynamic capabilities - such as realizing when to adopt a technology and how to leverage AI - are entangled with a specific type of resource - human capital. The findings show that AI adopting, when coupled with a robust training and HPWS, is more than a technology adoption, it is fundamentally a strategy in which human capital - once resourced - becomes the valuable, rare, inimitable, and non-substitutable (VRIN) resource that RBV organizations refer to. This study is also significant to the higher education sector because, while institutional performance measures are diverse, each depends on the underlying intellectual and innovative abilities of their respective institution’s faculty and staff. Therefore, this study deepens our understanding of RBV as it also brings into play the dynamic and relational nature of resources as opposed to the ’what-ness’ of resources as static assets. The strategic human resource management practices in this study allow us to see human capital as forms of action or practice, influenced by broad organizational contexts, not simply as physical rewards. In addition, this research sheds light on the nuanced lens in which HPWS interacts with organizational performance through the lens of RBV. The findings reveal that HPWS does not have a uniform influence, as the impact on sustainable performance is significantly moderated based on the capabilities of the HPWS to enable the adoption of new technologies such as AI, and support (attract, retain, and learn with) complete talent management strategies. This means that HPWS encapsulated the performance improvement methods (e.g., create motivation and upskill employees) in the performance improvement system HPWS. The results contribute to the RBV and emphasize that a firm’s inimitable resources, such as a highly-skilled talent workforce, serve greatest value when embedded in a system (HPWS) that properly supersedes by examples, creates original conditions to support the growth of the resource, then provides evidence across worker assigning practices.
CONCLUSION, LIMITATIONS AND FUTURE RESEARCH
Training programs, AI adoption, high-performance work systems, people management tactics (attraction, retention, learning, and development), and sustainable performance in the higher education sector are all experimen-tally investigated in this study. Its findings show that these constructs have beneficial interactions with one another. AI’s contribution to promoting sustainable performance raised HPWS. AI’s impact on talent management was further amplified by training, which supported all-encompassing strategies for staff development and technology integration. Furthermore, the adoption of AI’s mediation role between sustainable performance and personnel man-agement techniques with HPWS offered a perceptive look at its underlying mechanisms. More smooth integration of AI technologies into business procedures boosts operational effectiveness and develops knowledgeable, flexible employees.
The limitations of this study arise from both its setting and methodology. First, the generalizability of the findings is limited to the higher education sector in Thailand and even then, the situational context informs the study findings and how training, AI adoption, high-performance work systems (HPWS), and performance relate to one another may not be true in different industries (e.g., manufacturing, finance) or through the lens of the educational sector in other countries. For instance, government policies regarding AI integration, as well as funding models for universities in Thailand, may be radically different from those in Europe or the Americas, and the unique relationships between these variables may not be the same and may not interact in the same manner. The reliance on convenience sampling also further limits the generalizability of the results because the sample itself may not represent all higher education employees in Thailand and could introduce selection bias. Lastly, although the longitudinal research design represents a strength, research should identify a longer measurement timeframe to account for the evolving complexities and trends of these relationships, as not all variables were measured across three periods. Future research should consider these limitations by extending the extent and methods of the study. Future studies might consider replicating this research in other industries and contexts to see whether the relationships hold, and there would be great value in a cross-cultural comparison of higher education institutions in Thailand with other countries. To make the sample more generalizable and reduce selection bias, researchers might consider random sampling in future research. Researchers also may want to consider extending the longitudinal design for a longer period of time and collecting data more frequently in order to understand the dynamic causality and time-delayed effects of these strategic initiatives.
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